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Engaged but exhausted: Work-related wellbeing
profiles of South African employees
Leoni van der Vaart · Leon T. de Beer

Abstract: Organizations and colleagues alike benefit from dedicated employees who are
immersed in their work and energetically pursue their tasks. Unfortunately, this may come
at a price for employees who may burn out. Organizations are, therefore, confronted with a
responsibility to assist employees in striking a balance between eagerly engaging in their
tasks and taking care of their wellbeing. Before designing and implementing interventions,
it is valuable to identify how engagement and burnout components cluster within
individuals and whether these different combinations have different implications for
employees. The study aimed to explore whether burnout and work engagement combine
within individuals to form different burnout-engagement profiles. The study also aimed to
examine the implications of different profiles for employees’ psychological distress, affective
commitment, and turnover intention. Among 1048 South African employees, latent profile
analysis highlighted five distinct burnout-engagement profiles: Burned-out, Risky,
Moderately balanced, Stars, and Workaholics. The Burned-out reported higher levels of
psychological distress than the Risky. Still, both reported higher levels than the Moderately
balanced, who also reported higher levels of psychological distress than the Stars. The
Burned out and the Workaholics reported equal levels of psychological distress. The Stars
reported the highest levels of affective commitment, followed by the Workaholics, the
Moderately balanced, and the Risky, with the lowest levels reported by the Burned-out. The
Burned-out reported the highest levels of turnover intention, followed by the Risky, the
Workaholics, and the Moderately balanced, with the lowest levels reported by the Stars.
Limitations, recommendations for future research and practical implications are discussed.
Keywords: burnout; work engagement; latent profile analysis; wellbeing profiles; employee
wellbeing

1. Introduction
There is no question that COVID-19 and the associated lockdowns have accelerated changes
within organizations, sectors, and societies (Giorgi et al., 2020). For example, organizations were
forced to implement work-from-home practices to remain sustainable during ‘hard lockdown’.
While many of these changes were beneficial for employees, remote working also introduced
challenges. Employees reported greater autonomy and flexibility, but at the same time, they
experienced a lack of equipment and other resources, increased parenting duties, and a lack of
effective communication and meaningful connections (De Klerk et al., 2021; Koekemoer et al.,
2021). Therefore, the pandemic (and remote working arrangements) comes with a trade-off by
increasing employee motivation and engagement and decreasing employee job-related
wellbeing such as burnout. As many companies indicated that they wish to continue with
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remote work (or to some extent), organizations are confronted with a responsibility to assist
employees in striking a balance between eagerly engaging in their tasks and taking care of their
wellbeing even after the pandemic. Consequently, employers need to understand the interplay
of work engagement and burnout and the consequence of this interplay to design effective
interventions.
Burnout research has been ongoing for half a century, and the term has resurged in the
public sphere due to attention that the World Health Organization’s (WHO) changes to the ICD11 for 2022 has commanded (WHO, 2019). Similarly, work engagement research has been
around since the 1990s (Bakker et al., 2014). However, most research on engagement and
burnout took a variable-centered approach to study these constructs, their antecedents, and
their outcomes instead of a person-centered approach (Abós et al., 2019; Moeller et al., 2018).
Person-centered approaches reject the notion of homogeneity, implied by variable-centered
approaches, assuming that the heterogeneous population consists of several homogenous subgroups (or sub-populations) identified through their differential responses to the variables
under investigation. Such an approach acknowledges that variables combine within individuals
(to form sub-groups), and this combination has implications for individuals’ affect, behavior,
and cognition (Morin et al., 2018).
As a developing area of research, person-centered studies (on burnout and engagement)
started to emerge more recently, also in the work context (see Abós et al., 2019; Innanen et al.,
2014; Moeller et al., 2018; Samela-Aro et al., 2019). Although these studies are valuable, they are
limited in number and scope, and our study has at least three advancements. First, none of these
studies has used the theoretical facets of burnout proposed by Schaufeli et al. (2020). As burnout
research is nuanced (De Beer, 2021), theoretical developments are imperative, and measuring
instruments should keep up with such developments. Consequently, Schaufeli and colleagues
developed a new instrument using both inductive and deductive approaches. The Burnout
Assessment Tool (BAT) is presented as a more contemporary, updated and psychometrically
sound scale compared to other existing burnout instruments (see Schaufeli et al., 2020 for an
overview of the development of the scale and critique against other conceptualizations and
measurements of burnout). Second, these studies did not investigate the total and specific levels
of engagement and burnout simultaneously, a second-order total score with the specific firstorder components. Research demonstrated that employees could, for example, experience
burnout holistically (as a single dimension) but also that the different components thereof
remain important (Gillet et al., 2021). Combining these two possibilities (total vs specific)
suggests that employees can present a global burnout experience (as a total score). The specific
levels of exhaustion, cognitive and emotional impairment, and mental distance may also
provide unique insights.
Consequently, in line with burnout’s definition as a syndrome, a second-order factor score
indicated by the scale’s items, mediated by the four specific components, is considered the most
theoretically sound operationalization. Similarly, work engagement is most often modelled
(except by Innanen et al., 2014) as unidimensional. In the current study, it will also be modelled
as a second-order model juxtaposed to BAT-assessed burnout. Third, all these studies were
conducted in WEIRD (i.e., Western, Educated, Industrialized, Rich, and Democratic) contexts.
South Africa, as a developing country, differs significantly from WEIRD countries based on
these indicators. Previous studies (De Beer et al., 2020; Schaufeli, 2017a) indicated that
engagement and burnout levels could differ depending on the country in which it is measured,
potentially influencing the emergence and prevalence of different burnout-engagement profiles.
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The current study aimed to extend to the scientific conversation on burnout-engagement
profiles by exploring how BAT-assessed burnout (see Schaufeli et al., 2020) and work
engagement cluster within individuals (from a non-WEIRD context) to form different burnoutengagement profiles. The study also aimed to examine the implications of the different profiles
for employee outcomes (i.e., psychological distress, affective organizational commitment, and
turnover intention). These outcomes are often associated with engagement and burnout, and
they have important implications (i.e., performance and turnover) for organizations. The study
also provides valuable information that organizations can use to tailor their interventions for
these different groups by pursuing these aims.
1.1 Burnout-engagement profiles: Two sides of the same coin
Employee work engagement is defined as a “persistent and pervasive affective-cognitive state
that is not focused on any particular object, event, individual, or behavior” (Schaufeli & Bakker,
2004, p. 295). It is characterized by vigor (i.e., having high levels of energy and mental resilience),
dedication (i.e., feeling inspired, proud, and enthusiastic), and absorption (i.e., being engrossed
in one’s work) (Decuypere & Schaufeli, 2020; Schaufeli & Bakker, 2004). Burnout is defined as
“a work-related state of exhaustion that occurs among employees, which is characterized by
extreme tiredness, reduced ability to regulate cognitive and emotional processes, and mental
distancing” (Schaufeli et al., 2020, p. 4). BAT-assessed burnout adds two additional components
(cognitive- and emotional impairment; the reduced functional capacity to manage
cognitions/emotions) but does not include the professional (in)efficacy component as it was not
a major component in the development of the BAT. The omission of professional (in)efficacy is
in line with research that provided evidence questioning the role of professional (in)efficacy in
the burnout syndrome (e.g., De Beer & Bianchi, 2019; Schaufeli & Salanova, 2007).
Burnout and engagement have been posited to be located on different ends of two continua
(i.e., the pleasure–displeasure continuum and the high activation–low activation continuum) of
the circumplex model of subjective wellbeing. Whereas burnout is depicted as an unpleasantlow activation state, engagement is depicted as a pleasant-high activation state (Bakker &
Oerlemans, 2011; Innanen et al., 2014; Schaufeli, 2017b). Despite the presence of these states on
opposites of the continua, several person-centered studies (Abós et al., 2019; Innanen et al., 2014;
Moeller et al., 2018; Samela-Aro et al., 2019) illustrated that employees could experience the two
states simultaneously. Previous studies supported this and showed that engagement and
burnout components could combine to form between two (Innanen et al., 2014; Samela-Aro et
al., 2019) and five (Abós et al., 2019; Moeller et al., 2018) profiles. More specifically, past research
illustrated that burnout and engagement cluster to form quantitatively and qualitatively
different profiles: high burnout-high engagement, moderate burnout-moderate engagement,
low burnout-low engagement, high burnout-low engagement, and low burnout-high
engagement profiles.
Lacking prior guidance from research, in which the total scores and specific components of
burnout and engagement were specifically investigated, a more open hypothesis is framed in
which the number of profiles is considered but not the structure (that will best reflect employees’
wellbeing configurations) thereof.
1.2 Psychological distress, affective organizational commitment, and turnover intention as correlates of
profile membership
The study’s second aim was to investigate if the identified profiles differ in psychological
distress, affective commitment, and turnover intention. Psychological distress refers to nonwww.internationaljournalofwellbeing.org
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specific psychological and psychosomatic complaints (Schaufeli et al., 2020; De Beer, 2021).
Affective commitment refers to the emotional connection an employee has with the
organization. Affectively committed employees identify with the organization and remain in it
because they want to (Allen & Meyer, 1996). Lastly, turnover intention refers to an employee’s
desire or plan to leave the organization (Tett & Meyer, 1993).
According to the health impairment process of the job demands-resources (JD-R) theory,
burned-out employees experience a depletion of their energetic resources and consequently
develop health-related problems which undermine their functioning (Bakker & Demerouti,
2017). Therefore, burnout initiates a process that results in impaired psychological functioning
(i.e., psychological distress). Burned-out individuals can also not connect emotionally with the
organization because they no longer identify with the organization (Knoll et al., 2019; Meyer et
al., 2006). As part of the coping process, these individuals may want to escape their dire situation
and develop a desire to leave the organization. Previous variable-centered studies confirmed
the positive relationship between burnout and psychological distress (De Beer, 2021) and
turnover intention (Wang et al., 2020) and the negative relationship between burnout and
affective commitment (Sarisik et al., 2019).
Engaged employees with a ‘want to’ orientation experience improved functioning through
a motivational process of the JD-R model (Bakker & Demerouti, 2017). Therefore, engaged
employees function well psychologically. They are emotionally invested in (and identify with)
the organization and wish to remain in it. Previous variable-centered studies have supported
the negative relationship between engagement and psychological distress (Shimazu et al., 2018;
Van Mol et al., 2018) and turnover intention (Coetzee & Van Dyk, 2018), and the positive
relationship between engagement and affective commitment (Guo et al., 2020).
In line with findings from variable-centered approaches, person-centered studies reported
more favorable associations between profiles with low(er) levels of burnout and high(er) levels
of engagement and affective outcomes (Abós et al., 2019; Innanen et al., 2014; Moeller et al.,
2018). Similarly, these studies also reported more favorable associations between profiles with
low(er) levels of burnout and high(er) levels of engagement and cognitive outcomes (Abós et
al., 2019; Moeller et al., 2018). These findings illustrate engagement’s potential to offset the
negative consequences of burnout. One exception to this trend is the tendency for profiles with
both high burnout and engagement levels to report mixed associations with outcomes. For
example, individuals in the engaged but exhausted profiles reported both positive and negative
affective experiences but still reported high levels of turnover intention (Moeller et al., 2018).
These findings illustrate that positive outcomes (e.g., commitment) may result from high
engagement levels, but this comes at a cost (i.e., psychological distress and wanting to leave).
1.3 Hypotheses
Hypothesis 1. Five burnout-engagement profiles can be identified.
Hypothesis 2a. Profiles with high(er) levels of burnout and low(er) levels of engagement may be
less adaptive profiles with higher levels of psychological distress compared to those with
low(er) levels of burnout and high(er) levels of engagement. Those with high levels of both
burnout and engagement will also report high levels of psychological distress.
Hypothesis 2b. Profiles with high(er) levels of burnout and low(er) levels of engagement may be
less adaptive profiles with lower levels of affective commitment compared to those with low(er)
levels of burnout and high(er) levels of engagement. Those with high levels of both burnout and
engagement will also have high levels of affective commitment.
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Hypothesis 2c. Profiles with high(er) levels of burnout and low(er) levels of engagement may be
less adaptive profiles with higher levels of turnover intentions compared to those with low(er)
levels of burnout and high(er) levels of engagement. Those with high levels of both burnout and
engagement will also have high levels of turnover intentions.
2. Method
2.1 Participants
A purposive sample of participants (n=1048) was used from the Burnout Assessment Tool
project. Specifically, participants had to be at least 18 years of age and employed in South Africa
at the time of the study. Data were collected with an online survey distributed on social media
and to immediate networks via e-mail. A national newspaper also ran an article on burnout
which included a link to the online survey. The mean age of participants was 40.80 (SD=11.20).
More than half of the participants were females (54.50%). Participants’ educational levels ranged
from secondary (46.00%) to post-secondary school qualifications (54.00%). The most commonly
occurring ethnic1 category was white (37.10%), followed by African (36.10%), Indian (12.10%),
Coloured (12.10%), and Asian (3.10%) employees. The relevant institutional research ethics
committee granted ethics approval for the project which complied with ethical guidelines such
as voluntary participation, informed consent, and confidentiality (Ref: NWU-00558-17-A4).
2.2 Measures
Burnout was measured with the core version of the Burnout Assessment Tool (BAT-23) (Schaufeli
et al., 2020). The BAT comprises 23 items measured on a 5-point Likert scale ranging from 1
(‘strongly disagree’) to 5 (‘strongly agree’). The BAT measures burnout as a syndrome in line
with its definitional operationalization and comprises exhaustion (8 items; e.g., ‘When I get up
in the morning, I lack the energy to start a new day at work’), mental distance (5 items; e.g., ‘I
feel indifferent about my job’), cognitive impairment (5 items; e.g., ‘When I’m working, I have
trouble concentrating’), and emotional impairment (5 items; e.g., ‘At work, I feel unable to
control my emotions’).
Work engagement was measured with the short version of the Utrecht Work Engagement Scale
(UWES-9) (Schaufeli et al., 2006). The UWES-9 contains a total of nine items measured on a 7point frequency scale ranging from 0 (‘never’) to 6 (‘always’). The items are divided equally
between vigor (e.g., ‘I get carried away when I am working’), dedication (e.g., ‘I am enthusiastic
about my job’), and absorption (e.g., ‘I am immersed in my work’).
Psychological distress was measured as a single scale consisting of both psychological and
psychosomatic complaints, with the secondary symptoms scale of the BAT (Schaufeli et al.,
2020). It comprises 10 items divided equally between psychological (e.g., ‘I feel tense and
stressed’) and psychosomatic complaints (e.g., ‘I often get sick’). These items are measured on a
5-point frequency scale ranging from 1 (‘Never’) to 5 (‘Always’).
Turnover intention was measured with three items developed by Hellgren et al. (1997). The
items (e.g., ‘I feel that I could leave this job’) are measured on a 5-point Likert scale ranging from
1 (‘strongly disagree’) to 5 (‘strongly agree’).
Affective organizational commitment was measured with five items from the Affective
Commitment Scale (Allen & Meyer, 1990). The items are measured on a 5-point frequency scale
ranging from 1 (‘Never’) to 5 (‘Always’).
Designations are used in line with the exact terminology of the Employment Equity Act, 55 of 1998 for designated
and non-designated groups. No offense is intended.
1
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2.3 Analysis plan
Mplus 8.6 (Muthén & Muthén, 1998-2021) was used for data analyses. Confirmatory factor
analysis (CFA) was performed using the robust version of the maximum likelihood (MLR)
estimator. The MLR estimator is preferred because of its ability to perform well with the
potential of a skewed distribution in the data. We assessed model fit based on the
recommendations of Kline (2016): CFI and TLI ≥ .90; RMSEA and SRMR ≤ .08. The reliabilities
of the scales were calculated using the McDonald’s omega reliability coefficient (ω). Latent
profile analysis (LPA) was performed on the factor scores exported from the preliminary
measurement models, a practice that has become more common in recent applications of
mixture models (Meyer & Morin, 2016). LPA is a model-based approach that clusters
individuals or cases into groups (latent profiles) based on their responses to observed
continuous variables (Muthén & Muthén, 2000). Being model-based, formal statistical
procedures are used to determine the optimal number of profiles (Tofighi & Enders, 2008; Wang
& Wang, 2020).
Deciding on the optimal number of profiles firstly depends on several information criteria:
Akaike information criterion (AIC), Bayesian information criterion (BIC) and sample size
adjusted BIC (ABIC). The decision secondly depends on whether there are significant
differences between the k and k-1 models. These differences are indicated by p-values associated
with the Lo–Mendell–Rubin likelihood ratio (LMR) test, the adjusted Lo–Mendell–Rubin
likelihood ratio (ALMR) test, and the bootstrap likelihood ratio (BLRT) test. If these p-values are
significant, the model with fewer profiles is rejected in favor of the model with more profiles
(Tofighi & Enders, 2008; Wang & Wang, 2020). Simulation studies demonstrated that the BIC
and BLRT perform better (Nylund et al., 2007; Tein et al., 2013) and was used in the current
research to inform decision-making. Once the number of profiles has been decided on, class
classification is examined to determine the reliability with which individuals were assigned.
Two criteria are used for this purpose: estimated posterior class-membership probability and
the entropy value. For the former, Nagin (2005) recommended values of above .70, and for the
latter, Clark (2010) recommended values of >.80. It is also recommended that the profile sizes
do not become too small (e.g., proportionally, < 1.0% and/or numerically n < 25) (Lubke & Neale,
2006).
Finally, we used the Bolck-Croon-Hagenaars (BCH) method (see Bakk & Vermunt, 2016 for
a detailed description) to compare the levels of psychological distress, commitment, and
turnover intention across the profiles. The robust BCH method was preferred as the covariates
were continuous data (Asparouhov & Muthén, 2015).
3. Results
3.1 Confirmatory factor analysis for the profile variables
The measurement model entailed specifying second-order models for engagement (with its
three lower order factors) and burnout (with its four lower order factors). This is in line with
the recent validation studies of BAT-assessed burnout that followed a theoretical approach to
the modeling of burnout as a syndrome, i.e., global score indicated by the items but mediated
by the first-order components (see De Beer, 2021; Vinueza-Solórzano et al., 2021). The model
yielded an acceptable fit to the data (SB-χ2 = 1735.61, p < .001; df = 456; CFI = .90; TLI = .89; RMSEA
= .05 [.049, .054], p = .131; SRMR = .07) and no data-driven model modifications were done posthoc. The reliability coefficients for the respective higher and lower order factors were
acceptable: engagement (ω = .90), dedication (ω = .83), absorption (ω = .68), vigor (ω = .79),
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burnout (ω = .94), exhaustion (ω = .91), mental distance (ω = .81), cognitive impairment (ω = .90),
and emotional impairment (ω = .86).
3.2 Latent profile analysis
The optimal number of classes was determined by estimating six models with increasing
numbers of latent classes and comparing the fit statistics of these models. Table 1 shows the fit
indices for the models.
Table 1. Comparison of LPA models
Model

Log
likelihood

#fp Scaling

AIC

BIC

ABIC

LMR
LR
test p

ALMR BLRT Entropy Smallest
LR test p
class
p
proportion

1-profile
2-profiles
3-profiles
4-profiles
5-profiles
6-profiles

-10578.41
-8014.68
-6990.83
-6171.78
-5818.49
-5303.27

18
28
38
48
58
68

21192.82
16085.36
14057.66
12439.56
11752.97
10742.54

21282.01
16224.09
14245.94
12677.38
12040.34
11079.46

21224.84
16135.16
14125.24
12524.93
11856.12
10863.48

0.00
0.06
0.02
0.08
0.45

0.00
0.06
0.02
0.08
0.45

1.07
1.52
1.79
1.73
1.83
2.17

0.00
0.00
0.00
0.00
0.00

0.93
0.93
0.95
0.95
0.94

39.40%
16.80%
7.70%
4.40%
4.10%

Notes. #fp = number of free parameters; AIC = Akaike information criterion; BIC = Bayesian information criterion;
ABIC = sample size adjusted BIC; LMR = p value associated with the Lo–Mendell–Rubin likelihood ratio test; ALMR
= p value associated with the adjusted Lo–Mendell–Rubin likelihood ratio test; BLRT = p value associated with the
bootstrap likelihood ratio test.

The AIC, BIC, and ABIC values failed to reach a minimum, and the LMR, ALMR and BLRT
remained statistically significant (p < .05). Since these tests are all tests of statistical significance,
determining the optimal number of profiles can be influenced by sample size (Marsh et al.,
2009), and indicators may likely improve without reaching a minimum (Howard et al., 2016).
An examination of the plots indicated that adding a fifth profile resulted in the addition of a
qualitatively and quantitatively different profile (i.e., profile with high scores on all variables),
compared to the model with four profiles, whereas adding a sixth profile did not add anything
theoretically meaningful (i.e., the profile parallels the fifth profile). Therefore, the more
parsimonious five-profile model was preferred. The elbow plot in Figure 1 (below) supports the
additional gain in fit between the fourth and fifth profile, illustrating a plateau has not been
reached after the fourth profile.
The five-profile solution is also theoretically interpretable and yields adequate profiling –
the posterior class membership probabilities were above .93 (exceeding .70), and the entropy
value (.95) was also high (exceeding .80). As displayed in Table 2 and Figure 2 (below), five
profiles differing on both the burnout and engagement variables could be identified. Therefore,
Hypothesis 1 is accepted.
Profile 1 (Burned-out) scored high on all burnout variables (especially on mental distance)
and low to very low on the engagement variables (especially on dedication). They constituted
7.79% of the sample. Profile 2 (Risky) scored moderately high on burnout, but moderately low
on engagement. They constituted 27.80% of the sample. Profile 3 (Stars) were the opposite of the
risky profile with moderately low scores on burnout but moderately high to high scores on
engagement (especially on dedication). They constituted 23.96% of the sample. Profile 4
(Moderately balanced) scored moderately on both burnout and engagement. They constituted
36.01% of the sample. Profile 5 (Workaholic) scored moderately high to high on all variables
(especially dedication and absorption). They constituted 4.43% of the sample.
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Figure 1. Elbow plot for the information criteria
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Table 2. Mean level differences for the burnout-engagement types
BurnedRisky
out
Burnout and Engagement Variables
BATEX
1.07a
0.56b
BATMD
1.15a
0.51b
BATCI
0.98a
0.59b
a
BATEI
0.86
0.44b
BAT
1.01a
0.52b
VIGOR
-1.28d
-0.44c
DEDI
-2.11e
-0.72d
d
ABSORP
-1.71
-0.56c
ENGAGE
-1.27e
-0.43d
Correlates
Psychological
distress
Commitment
Turnover
intention

Stars

Moderately Workaholic
Balanced

-0.75d
-0.65d
-0.77d
-0.58d
-0.69d
0.69a
1.11a
0.90a

-0.24c
-0.30c
-0.22c
-0.21c
-0.22c
0.09b
0.15c
0.09b

0.63b
0.71b
0.53b
0.56b
0.49b
0.61a
0.97b
0.89a

0.68a

0.09c

0.58b

0.57a

0.40bc

-0.46e

-0.15d

0.39ac

-1.21e

-0.45d

0.65a

0.11c

0.39b

1.26a

0.61b

-0.75e

-0.24d

0.26c

Notes. BATEX = BAT Exhaustion; BATMD = BAT Mental Distance; BATCI = BAT Cognitive Impairment;
BATEI = BAT Emotional Impairment; DEDI = Dedication; ABSORP = Absorption; ENGAGE =
Engagement; Within rows, means with different letters are significantly different from each other.
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Figure 2. Burnout-engagement profiles
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Note. BATEX = BAT Exhaustion; BATMD = BAT Mental Distance; BATCI = BAT Cognitive Impairment; BATEI = BAT
Emotional Impairment; VIGOR = Vigor; DEDI = Dedication; ABSORP = Absorption; ENGAGE = Engagement.

Mean-level factor score differences were examined between the five types of burnoutengagement types regarding the burnout and engagement variables (see Table 2, above). The
Burned-out profiles scored the highest on all the burnout variables, followed by the Risky and
Workaholics (with equal levels), the Moderately balanced, with the Stars reporting the lowest levels
of burnout. For engagement, the Stars reported higher levels on all engagement variables when
compared to the Moderately balanced, the Risky, and the Burned-out (who reported the lowest
levels). The Stars reported higher dedication and overall engagement levels than the Workaholics,
but these two groups reported equal levels of vigor and absorption.
Post hoc analysis 2 (i.e., cross-tabulation) was used to determine whether an association
existed between sex and the burnout-engagement profiles. Pearson’s chi-square (χ2) test was
employed to determine whether these associations between the categorical variables were
significant. Cramer’s V provided a measure of the strength of the association between the
categorical variables (Field, 2018). Cohen’s (1988) guidelines were used to determine the
magnitude of the practical effect sizes: small (.10), medium (.30), and large (.50). As shown in
Table 3 (below), the results indicated a significant association (of small effect) between sex and
the burnout-engagement profiles. Results showed more females in the Burned-out and Risky
groups, whereas the Stars group contained slightly more males (contrary to the expected
counts).

Post hoc analysis was performed based on a reviewer’s recommendation as biological sex has been shown to be an
important covariate in burnout literature.
2
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Table 3. Sex Associations with Profiles
n
(%)

Female
Male
χ2(df)
Cramer’s V

570
(54.49)
476
(45.51)
22.81(4)*
0.15

Burnedout
(expected
counts)
51
(44.10)
30
(36.90)

Risky
(expected
counts)

Stars
(expected
counts)

186
(158.60)
105
(132.40)

114
(137.30)
138
(114.70)

Moderately
Balanced
(expected
counts)
196
(204.30)
179
(170.70)

Workaholic
(expected
counts)
23
(25.60)
24
(21.40)

Notes. df = degrees of freedom; *p < .001

3.3 Psychological Distress, Affective Organizational Commitment, and Turnover Intention as Correlates
of Profile Membership
A measurement model was specified for the correlates. Psychological distress, commitment, and
turnover intention were specified as three correlated unidimensional variables. The model fitted
the data acceptably (χ2 = 721.13, df = 149, p < .001; RMSEA = .07 [.068, .079], p < .001; CFI = .90;
TLI = .89; SRMR = .05). Mean-level factor score differences were examined between the five types
of burnout-engagement types regarding psychological distress, commitment, and turnover
intention. As displayed in Table 2 and Figure 3, significant differences are reported between the
different profiles, supporting the construct validity of the profiles.
Figure 3. Psychological distress, affective organizational commitment,
and turnover intention as a function of profile membership
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The Burned-out reported the higher levels of psychological distress than the Risky. Still, both
reported higher levels than the Moderately balanced who also reported higher levels of
psychological distress than the Stars. The Burned-out and the Workaholics reported equal levels
of psychological distress. Therefore, Hypotheses 2a was accepted as profiles with high(er) levels
of burnout and low(er) levels of engagement are less adaptive profiles with higher levels of
distress compared to those with low(er) levels of burnout and high(er) levels of engagement.
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Those with high levels of both burnout and engagement will also reported high levels of
distress, as expected.
The Stars reported the highest levels of commitment, followed by the Workaholics, the
Moderately balanced, and the Risky, with the lowest levels reported by the Burned-out. Therefore,
Hypotheses 2b was accepted as profiles with high(er) levels of burnout and low(er) levels of
engagement are less adaptive profiles with lower levels of affective commitment compared to
those with low(er) levels of burnout and high(er) levels of engagement. Those with high levels
of both burnout and engagement also had high levels of affective commitment, as expected.
The Burned-out reported the highest levels of turnover intention, followed by the Risky, the
Workaholics, and the Moderately balanced, with the lowest levels reported by the Stars. Therefore,
Hypotheses 2c was accepted as profiles with high(er) levels of burnout and low(er) levels of
engagement are less adaptive profiles with higher levels of turnover intentions compared to
those with low(er) levels of burnout and high(er) levels of engagement. Those with high levels
of both burnout and engagement also have high levels of turnover intentions, as expected.
4. Discussion
Interventions aimed at enhancing individuals’ work-related wellbeing of individuals are
imperative given the direct consequences of COVID-19 (International Labor Organization, 2021)
and its indirect effects that resulted in changes in the work environment (De Klerk et al., 2021;
Koekemoer et al., 2021). Identifying work-related wellbeing profiles enables organizations to
tailor their interventions for different groups of employees, enhancing the effectiveness of these
interventions. Therefore, the current study aimed to identify such profiles among a sample of
employees in a non-WEIRD context. The study also aimed to examine the implications of profile
membership for employee affect and cognition to complement the validity of the profiles.
The results indicated that five profiles exist: Moderately balanced (36%), Risky (28%), Stars
(24%), Burned-out (8%) and Workaholics (4%). The configurations of these profiles overlap to a
great extent with the profiles identified by Moeller et al. (2018). The prevalence of these profiles
also differed somewhat from Moeller et al.’s (2018): less engaged (or Stars) and Workaholic
profiles but more Burned-out profiles. The JD-R theory supports the buffering effect of job
resources in counteracting the health impairment process transpiring from job demands (Bakker
& Demerouti, 2017). Non-WEIRD (or developing) countries generally have less access to
resources (Janik & Rothmann, 2015), potentially increasing the prevalence of Burned-out
profiles in this context. However, the prevalence of the engaged versus workaholics profiles
overlaps with the findings of Innanen et al. (2014): more engaged (or Stars) profiles than
Workaholic profiles.
Post hoc analysis for biological sex showed that females were slightly more prevalent in the
Burned-out and Risky profiles. In past research, female participants have shown a tendency to
score higher on burnout than males (e.g., Bakker et al., 2010; Thrush et al., 2019) and in South
Africa (De Beer et al., 2016). However, it has been speculated that males may under-report
burnout (Agrawal et al., 2020) and other mental health issues (e.g., Sigmon et al., 2005).
Insofar the implications of these profiles are concerned, Burned-out individuals are most in
need of assistance as they have high levels of distress. They are the least committed, and they
are most likely to leave the organization. Similarly, the Risky is at risk because they are also
distressed. They show little commitment to the organization and want to leave (although they
are better on all indicators than the Burned-out). The Moderately balanced are perhaps less
concerning as they are less distressed, more committed to the organization, and more inclined
to stay with the organization than their Burned-out and Risky counterparts. The Stars have the
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lowest levels of distress, are the least likely to leave the organization, and are the most
committed to the organization. These findings are in line with previous research that reported
more favorable associations between profiles with low(er) levels of burnout and high(er) levels
of engagement and affective and cognitive outcomes (Abós et al., 2019; Innanen et al., 2014;
Moeller et al., 2018). Supporting the JD-R theory (Bakker & Demerouti, 2017), the less adaptive
profiles (i.e., Burned-out and Risky) experience a health impairment process in which their
psychological functioning is impaired. The more adaptive profiles (i.e., Stars and Moderately
balanced) experience a motivational process that enhances their psychological functioning. The
former is also less attached to the organization due to an impaired identification (Knoll et al.,
2019; Meyer et al., 2006). The Workaholics are Pandora’s boxes; they are very engaged and
committed, but they experience similar distress to the Burned-out and are at risk of leaving the
organization. Previous research demonstrated that these individuals have difficulty detaching
from work (Innanen et al., 2014) which may explain their high levels of psychological distress
and commitment. They strongly identify with the organization, but they want to leave because
of the price they pay (i.e., elevated psychological distress). The ‘price they pay’ may manifest as
job dissatisfaction (with a resultant desire to leave) and is in line with other research that
demonstrated the negative association between workaholism and job satisfaction in a nonWEIRD context (Valenzuela & Díaz, 2010). Consequently, these employees may still perform
above average, and managers might be tempted not to intervene as they do not want to interrupt
the status quo. However, these employees are at similar risk to their Burned-out counterparts.
In conclusion, the current study extends the scientific conversation on burnout-engagement
profiles in several ways. In support of the circumplex model of subjective wellbeing (Bakker &
Oerlemans, 2011), the current findings illustrated that burnout and engagement could be
interpreted as two opposites of the continuum (i.e., negatively correlated). But they can also
cluster together in the same direction (i.e., positive correlation) within the individual. Thus,
combining the components (rather than the components in isolation) determines whether
employee outcomes will be positive or negative. Without a person-centered approach, the
‘darker side’ of engagement (as becomes evident in the Workaholic profile) may not be visible
(Moeller et al., 2018).
Furthermore, burnout seems to co-vary quite strongly in all the profiles when considering
the total and specific components, whereas the opposite seems true for engagement. For
engagement, it is evident that the (lack of) dedication drives (the lack of) engagement, especially
in the Burned-out profile. Consequently, these results indicate that it was worthwhile to model
engagement as a global construct with separate components rather than a unidimensional
construct.
Although the findings of the current study support general trends (in both the
configurations and prevalence of profiles), slight differences were observed. Apart from the
differences in the prevalence of some profiles discussed earlier, the current sample did not
identify any apathetic profiles (i.e., profiles with low scores on burnout and engagement). These
differences may allude to the importance of context when investigating wellbeing profiles. One
may observe core profiles that will be replicable across different contexts, but profiles can
emerge that are context specific.
5. Limitations and recommendations for future research
This study was not without limitations. The first limitation was that the data was cross-sectional
and did not allow for analyzing transitions between classes as would be possible with
longitudinal data. Future researchers should consider longitudinal designs and implement
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analytical techniques such as latent transition analysis (Wang & Wang, 2020). The longitudinal
analysis will also enable researchers to determine cause-and-effect between profile membership
and employee outcomes which were not possible in the current study. Secondly, even though
our sample was quite large and exceed the recommendations for the minimum sample size
(n=500) for LPA (Tein et al., 2013), we cannot discount the possibility that a larger group of
participants would not have yielded an additional group (e.g., apathetic) which might exist in
the population. Thirdly, recent research has shown that burnout and depression have significant
overlaps, especially the exhaustion component, and that burnout is likely a syndrome on the
depressive spectrum (Bianchi et al., 2021). Therefore, in future profile analyses, including a
measure of depression might be an interesting addition. Lastly, our sample was non-probability
in nature, and representative samples in organizational research in South Africa are almost nonexistent for many reasons (e.g., lack of sampling frames, lack of accurate statistics about
representation in the formal sector, and a lack of consensus on which variables to use to ensure
fair representation). Even so, the generalization of our results should not be made carelessly.
6. Practical implications
Based on the findings of this study, a differentiated approach to interventions is recommended.
For example, most of the sample falls into more adaptive profiles (i.e., Moderately balanced and
Stars). These individuals may benefit more from identifying ‘what works well’, and these
elements can be used to optimize wellbeing (and consequently affective and cognitive
outcomes). It may be more worthwhile for the Risky to focus on preventative measures to
prevent their transitioning into Burned-out employees. In contrast, the Burned-out and
Workaholics may benefit more from remedially orientated measures to facilitate recovery. The
current study did not investigate the antecedents of profile membership. However, well-known
organizations (e.g., Gallup) and academics (Bakker, Demerouti, and Schaufeli) have identified
the precursors to burnout and engagement. For example, the JD-R theory stipulates that an
excess of hindrance demands (e.g., conflict and role ambiguity) and the absence of challenge
demands (e.g., responsibility) and resources (e.g., managerial and collegial support) in the
workplace are antecedents of burnout and engagement (Bakker & Demerouti, 2017). This notion
overlaps with Gallup’s (2020) identification of the top five causes of burnout: “unfair treatment,
unmanageable workload, unclear communication from managers, lack of manager support, and
unreasonable time pressure” (p. 7). Regardless of the focus (i.e., optimization, proactivity, or
remediation) or the specific causes (i.e., demands or resources), a top-down and bottom-up
approach to intervention is recommended (see Van Wingerden & Van der Vaart, 2019 for more
detail). Top-down approaches such as managerial support can include supporting employees’
needs for autonomy, competence, and relatedness as advocated for by the self-determination
theory (Ryan & Deci, 2017). Such supportive practices include shared decision-making
(autonomy support), uplifting feedback (competence support), and demonstrating interest
(relatedness support) (Van der Vaart & Van den Broeck, 2019). Bottom-up approaches such as
job crafting (Zhang & Parker, 2019) or need crafting (Laporte et al., 2021) can include asking for
clarity or doing more of what you are good at. Crafting can create meaning (Zhang & Parker,
2019), which enhances wellbeing (Gallup, 2020). Alternatively, counselling and effort-recovery
strategies (e.g., sleep, exercise, setting boundaries) may be beneficial. Ultimately, the
organization should take a strategic approach to wellbeing, entrenching it into the
organizational culture and every step of the employee experience cycle (i.e., attraction, hiring,
onboarding, engagement, performance, development, and departure) (Gallup, 2020).
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7. Conclusion
Even though burnout and engagement can be considered opposite ends on a continuum, the
profiles identified in the current study show that individuals can also have scores on all
components of burnout and engagement, which can be in opposite directions or even in the
same direction. The results also illustrate that these combinations matter for affective and
cognitive employee outcomes, outcomes that matter for optimal and productive work.
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